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ABSTRACT 

This paper explores the relationship of data governance to the success of business analytics within multinational 

corporations. With a mixed-methods approach involving both quantitative and qualitative data derived from a 

Structural Equation Model of the data, the study has revealed the essential aspects of data governance for the 

success of business analytics. The data for the study was derived through a series of quantitative surveys of data 

governance officials and surveys sent to a total of 250 firms worldwide. The essential variables that measure the 

data, such as data quality management, compliance with policies, and the influence of data governance 

frameworks, were quantitatively measured and analyzed. The findings through the SEM analysis showed a 

positive relationship between data governance variables and the success of business analytics, with the regression 

coefficients for data quality management (β=0.42), policy compliance (β=0.36), and the influence of data 

governance frameworks (β=0.49), all having a significance of <0.001. The quantitative data of the study's findings 

were further supported and supplemented with a thorough examination of the quantitative data of the critical 

themes derived through a thorough analysis of the quantitative data of the study's findings derived through a 

thorough examination of the data of the qualitative themes of the study. 

 
keywords: Data Governance, Business Analytics, Data Quality Management, Regulatory Compliance, Structural Equation 

Modeling (SEM), Decision-Making. 

 

INTRODUCTION 

 

The increasing reliance of data analytics by MNCs has also underscored the significance of the existence of the 

right practices of data governance. The concept of data governance simply means the application of policies, 

structures and procedures that would make sure that the data in the company is handled in the right manner. As 

businesses increase their activities globally, control over data across different geographical locations as well as 
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the structure of operations has become of concern of the utmost importance. The current business world also 

understands well that inadequate data governance may culminate in data security breaches, wrong decision-

making, and even cause severe legal inconveniences to the firm especially in the GDPR (General Data Protection 

Regulation) framework in the European Union [1]. The emergence of business analytics and especially the 

introduction of the so-called Big Data has also created a breakthrough in the realm of business and how it utilizes 

data and decision-making. Business analytics consists of very diverse activities in that they cover Descriptive 

Analytics, Predictive Analytics, Diagnosis Analytics, and Prescriptive Analytics that allow organizations to draw 

valuable information and significant inferences based on the information at their disposal [2]. Such analyses and 

operations also are not greater than the data that is done on by those operations. Misplaced data may lead to 

erroneous analysis and unwise choices that may have grave consequences and can be disastrous to the 

organizations. Data governance is, therefore, extremely significant in such organizations so as to make sure that 

data is correct, data is integrated, and data is conformed to the policies and procedures by different government 

and regulatory entities [3]. 

 

The technologies of data warehousing which came up at the end of 80s years allowed business to process a 

significant amount of data to report and analyze it. With the implementation of the Online Analysis Processing 

(OLAP) technologies, it was possible to effectively handle huge data. However, there were also problems of these 

technologies and systems concerning transformation and keeping pace with the evolving bulk and content of the 

generated data of the new businesses of the contemporary world. The continuous increase in the size and data 

warehouse resulted in an increasing need of data governance. The governance of data demanded flexibility and 

administration that corresponds to the expanding amount and quantity of the data the enterprises are operating, 

and the constantly increasing demand of the real-time data management and processing. The use of big data and 

data analytics is the trend that is widely spread in the modern business and in different sectors today. Data and 

data analytics are helping organizations to predict the future trends of the business and entertain customers better. 

However, data governance is still very important in the implementation of these technologies and strategies. 

 

Data governance frameworks play a critical role in data protection regulation compliance, which is even stricter 

in the past several years. The policies of data protection regulations like the GDPR in the European Union, and 

the California Consumer Privacy Act in the USA have only increased the level of difficulties that organizations 

encounter in managing and protecting data in the business environment [9]. Data governance frameworks make 

sure that the data are handled within the organization in a manner that not only addresses data protection policies, 

but also it is also easily accessible and usable to undertake business analytics within the business environment 

[10]. This paper aims to draw attention to the influence that the issue of data governance has on the success of 

business analytics projects in multinationals on an international scale. By adopting a mix of data collection and 

analysis methods including a combination of both qualitative and quantitative data by the use of Structural 

Equation Modeling (SEM), the paper seeks to bring forth the key factors that render data governance critical in 

organizations that are pursuing the success of business analytics operations in the business environment [11]. 

 

Among the notable benefits of a good data governance practice in business analytics is that it helps in the creation 

of both incremental and radical innovations [17]. Incremental innovations relate to the improvement of the 

existing product, service and/or process where radical innovations are related to the term of new business models 

and/or new offerings in the market place. It has been disclosed that companies that possess a practice of good data 

governance can effectively utilize both incremental and radical innovations hence creating a platform of 

competitive advantage in the business environment [18]. The positive association between the capabilities of a 

firm and the innovation that it eventually attains due to the implementation of the big data analytics processes in 

the operations of the firm is moderated by data governance [19]. The effectiveness of data governance practices 

thereby not only validates the focus of a company in developing good data management practices but also the 

investment in the relevant business analytics tools as an effective data management setup is the key to the efficient 

utilization of the tools in the business operation of the company. Not only do data governance practices guarantee 

the quality of data and compliance in organizations, but it also assists in eliminating silos in organizations thereby 

making it easier to collaborate with various functions within organizations. This promotes a business-friendly 

atmosphere in organizations that access data utilized in more than one business division of the operations of a 

business and hence the data is considered as a shared business asset that can be used to spur business within the 
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various operations of the operation of the company in the marketplace. The data management practices in 

organizations also make sure that the business activities of a firm are in tandem with its strategies and therefore 

business analytic practices in the company are duly synchronized with the business performance of the company 

in the market. 

 

The aim of the proposed investigation is to employ these learnings and make an attempt to comprehend how data 

governance can contribute to the success of business analytics in large companies around the globe. As the digital 

economy emerges, one will be interested in knowing the role of data governance and business analytics success 

in organizations that are competing effectively across the globe and they are also making such organizations 

prepared to manage the digital economy successfully [22]. 

 

LITERATURE REVIEW 

 

The importance of data governance to the success of business analytics has also been widely reported and 

discussed in various studies. With the increasing adoption of data-driven decision-making models among massive 

corporations across the world, the importance of data governance frameworks cannot be overemphasized. The 

importance of data governance frameworks has also been well-documented across a large-scale study conducted 

by Singh and Reddy et al. [23], which focuses on the importance of big data platforms and tools that are used to 

handle massive information generated across modern businesses. The authors also noted that the implementation 

of such platforms could become ineffective if data governance practices are not put into play, since the 

enhancement of data quality and data consistency could become a challenge. The authors further argue that data 

governance practices are important within the field of data mining and knowledge discovery related to big data 

analysis and play a significant role within the field of data mining and knowledge discovery related to data mining 

and knowledge discovery. Hashem et al. [5] considered the emergence of cloud computing and the adoption of 

big data analytics and also focused on the data governance challenges that are inherent within the manipulation 

of data within the cloud computing framework. The authors identified data governance practices within the field 

of data mining and knowledge discovery within the field of cloud computing and recommended that organizations 

adapt novel data models that could mitigate the challenges and ensure that data within the cloud computing 

framework meets the required security standards. Further contributing to the growth of knowledge within the field 

of data mining and knowledge discovery related to the importance of data governance practices within the field 

of data mining and knowledge discovery related to data mining. Tsai et al. [24] focused the discussion on the 

importance of data governance practices within the field of data mining and knowledge discovery related to the 

importance of data mining and knowledge discovery and further reported that data governance practices are 

important and are required within the field of data mining and knowledge discovery related to data mining and 

knowledge discovery related to data mining and knowledge discovery. Al-Ruithe et al. [22] applied data 

governance frameworks within the cloud computing framework and further concluded that data governance 

frameworks and practices must be considered across various aspects within cloud computing. The authors 

concluded that data governance plays a crucial role in the success of cloud-enabled business analytics projects 

because of its importance in ensuring data integrity and security. The authors emphasized that organizations ought 

to change the way they govern data to take into account the challenges that come with cloud computing. 

 

The reviewed literature emphasizes the importance of data governance to ensure the success of business analytics 

projects. This aspect of data management not only ensures data quality and compliance but also facilitates the 

management of data from various sources, thus promoting innovation and enhancing business performance. As 

organizations continue to embrace the use of advanced technologies such as Big Data and cloud computing, the 

importance of data governance frameworks that are flexible and robust will remain paramount to ensure a 

competitive position within the global marketplace. The importance of data governance and the success of 

business analytics has been supported across the reviewed literature, and the importance of data management 

practices cannot be overemphasized towards the attainment of success within business analytics. This has been 

supported across various studies that highlight the importance of data governance frameworks across 

organizations as critical success factors for improving data quality, security, and compliance, which are 

paramount for success within business analytics. The importance of data governance across multi-business 

organizations has also been supported across the reviewed literature, and the role of data management practices 
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within the attainment of enhanced performance across organizations has been supported through the work of 

authors such as Neff et al. [13], who applied the theory of resource-based view (RBV) and theory of 

complementarities to highlight the importance of aligning data governance frameworks with IT governance 

strategies to improve business performance through enhanced data management practices. This study emphasized 

that data synergies across business units are essential within the attainment of enhanced performance and that 

data management practices are paramount within the The issue of data governance and its significance to the 

success of business analytics has also been reported and discussed extensively in the literature. As more large 

companies in the globe have been integrating data-driven decision-making models, the role that data governance 

frameworks play cannot be overestimated. The significance of data governance frameworks has also been 

thoroughly captured in a large scale study by Singh and Reddy et al. [23], which dwells on the relevance of the 

big data platforms and tools that are utilized to process big information that is produced in the contemporary 

businesses. The authors have also mentioned that the introduction of such platforms may lose its efficiency in 

case the data governance practices are not implemented, as the improvement of the data quality and the data 

consistency may turn out a challenge. The authors also say that data governance practices are noteworthy in the 

context of data mining and knowledge discovery associated with big data analysis and significantly important in 

the context of data mining and knowledge discovery. The emergence of cloud computing and the implementation 

of big data analytics was also considered by Hashem et al. [5] and the issues with data governance that are inherent 

in the manipulation of data in the context of the cloud computing environment. The authors found that data 

governance practices are present in the data mining and knowledge discovery domains and proposed that 

organizations should adjust the new data models that might alleviate the difficulties and make data in the cloud 

computing environment to comply with the necessary security requirements and standards. The additional aspect 

of the contribution to the knowledge development in the sphere of data mining and knowledge discovery 

pertaining to the significance of data governance practices in the sphere of data mining and knowledge discovery 

pertaining to data mining. The discussion of the role of data governance practices in the field of data mining and 

knowledge discovery was centered in the article by Tsai et al. [24] who indicated that data mining and knowledge 

discovery are also important and that data governance practices are necessary in the field of data mining and 

knowledge discovery. Al-Ruithe and colleagues [22] used data governance frameworks in the cloud computing 

framework and also concluded that data governance frameworks and practices should be taken into account in 

different aspects in cloud computing. The authors inferred that data governance is a significant aspect of the 

success of cloud-based business analytics initiatives due to its significance in safeguarding data integrity and 

safety. The authors highlighted that organizations should alter the manner in which they manage data in order to 

consider the issues that accompany cloud computing. 

 

The literature reviewed highlights data governance as a crucial issue to make business analytics projects 

successful. This component of managing data not only ensures quality and compliance of data but also promotes 

management of data of diverse origins hence leading to innovation and business improvement. With the increasing 

trend of organizations adopting the use of advanced technologies, including Big Data and cloud computing, 

flexibility and robustness of data governance structures will still be paramount in order to secure the competitive 

edge in the global marketplace. The significance of data governance and the success of business analytics has 

been validated throughout the literature reviewed, and the significance of data management practices can hardly 

be overestimated in the context of achieving success within the realm of business analytics. This has been affirmed 

in numerous research that entail the critical success factors in data governance frameworks within an organization 

to enhance data quality, security, and compliance, which form the key of success in business analytics. The 

relevance of data governance in multi-business organizations has also been upheld in the literature reviewed and 

the role played by data management practices in the realization of superior performance in business through 

improved data management practices has been endorsed by the works of authors like Neff et al. [13] who used 

theory of resource-based view (RBV) and theory of complementarities to support the relevance of coordinating 

data governance frameworks with IT governance strategies to achieve better business performance as a result of 

improved data management practices. This paper has highlighted that the data synergies among the business units 

are critical in the achievement of better performance, and the data management practices are the key in the 

management of business performance. The significance of Big Data and the Big Data theory of RBV have also 

been substantiated throughout the literature reviewed and the article conducted by researchers like Mazzei and 

Noble [25] highlighted that Big Data is a vital resource that can be utilized in organizations toward achieving 
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competitive positions in case applied within the context of data governance and RBV. The significance of 

implementing Big Data in managing business performance and the significance of data management schemes in 

organizations were adopted in this study. The significance of data management in the context of Big Data and 

RBV has also been substantiated in the reviewed literature, and the research conducted in the field of Big Data 

analysis conducted by the authors like Wiener et al. [27] used the significance of data management in the context 

of governance of business performance in organizations that have been placed in a position to adjust to the 

management of knowledge in a competitive market place. The article by Adaga et al. [28] stated the significance 

of Big Data in business strategies. The authors have pointed out the significance of data governance and the rules 

that govern data and its applicability in business decision-making. The authors were also able to establish data 

governance and significance of data governance in Big Data and business models and the capability of business 

to derive information out of data through data governance. No data governance also leads to some challenges 

which as indicated by the authors include the quality of data and any issue with compliance. 

 

Tsai et al. [24] also paid attention to the applicability of governance in the management of the process of big data 

analytics, and specifically on the context of data quality and security. The authors pointed out that weak data 

governance systems adversely affect the capabilities of organizations in maintaining the accuracy, security, and 

compliance of data utilized to serve the data analysis purpose. The authors also observed that the data governance 

frameworks also need to change to take into consideration the complexity of data, and especially in the context 

of cloud computing and Big Data. As a result, in the context of cloud infrastructural models, the analysis of the 

critical success factors of data governance in the context of cloud computing was performed by Al-Ruithe et al. 

[27] who concluded that a transformation in the framework of data governance is necessary to deal with the 

challenges and complexities of the cloud computing models. The authors concluded that data analytics success in 

the context of cloud computing models is unique to the presence of such key issues as data security, data 

compliance, and data frameworks. The same authors of the study also suggested that data governance frameworks 

should be particular to the framework of cloud computing models and that organizations should make cloud 

computing data governance models. This paper conducted by Mikalef et al. [14] also explicitly demonstrated the 

connections between information data governance and the concept of data analytics and innovation in the context 

of Big Data models. The study authors concluded that the framework of data analysis and data-driven innovation 

can best be used by organizations that have data governance frameworks in the context of incremental and radical 

innovations. The study authors observed that data governance has a moderating effect and offers a sustainable 

structure in which the data utilized within the framework of data analysis should be precise and safe concerning 

the aim of management and competitive advantages within the framework of organizations. Adaga et al. [28] also 

set out to analyze the features of data governance in the context of Big Data models and data privacy and security 

features. The study authors concluded that organizations should consider a data governance framework that 

should take into consideration the data privacy and data security aspects in the data management context. 

 

Another point that has been highlighted in the literature is that data governance is crucial to the success of business 

analytics operations. The data governance frameworks are significant due to the problem of data quality and 

security which are necessary to be considered and ensure the successfulness of business analytics operations. In 

addition, data management systems will become even more significant to a company in case it operates 

technologies like Big Data and cloud computing. 

 

Table 1: Summary of Key Findings from Related Works on Data Governance and Business Analytics 

Success 

Reference Focus Key Findings 

Neff et al.  

[13] 

IT Governance and Data 

Governance in Multi-

Business Organizations 

This paper examines the relationship between IT and data 

governance and business process performance with the finding that 

the relationship between governance practices, relatedness of 

resources, increases efficiency and decision-making in the 

organization. 
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Reference Focus Key Findings 

Al-Ruithe 

et al. [22] 

Barriers and Critical 

Success Factors for Cloud 

Data Governance 

Defines the main issues with the application of cloud-based data 

governance like compliance with regulations, data security, and 

alignment with the business processes and outlines the key success 

factors such as data quality management and stakeholder 

engagement. 

Tsai et al. 

[24] 

Big Data Analytics and 

Governance 

Highlights that a governance approach is a key to quality of data and 

security used to keep data precise and useful in analytics of big data, 

particularly under cloud computing. 

Mikalef et 

al. [14] 

Information Governance for 

Big Data Innovation 

Outlines the need to have sound governance structures that can be 

used to take advantage of big data analytics to enable innovation and 

gain competitive advantage, with an emphasis on the need to have 

reliable and compliant data. 

Mazzei & 

Noble [25] 

Big Data and the Resource-

Based View 

Shows how organizations can use big data as a strategic resource by 

embedding viable data governance models to develop sustainable 

competitive advantages. 

Wiener et 

al. [27] 

Big Data Analytics and 

Organizational Learning 

Demonstrates how governance structures increase the capacity of an 

organization to generate and share knowledge that spurs innovation 

and responsiveness in decision making due to availability of 

dependable information. 

Adaga et 

al. [28] 

Big Data in Business 

Strategy 

Highlights data governance as a key to achieving reliable, compliant, 

and actionable insights of big data, which is essential to successful 

incorporation into business strategy. 

Grover et 

al. [2] 

Strategic Business Value 

from Big Data 

Addresses why organizations must integrate governance models that 

enable data quality and security to extract all the value of big data 

analytics. 

Hashem et 

al. [5] 

Big Data and Cloud 

Computing 

Reports on the difficulties of handling big data on clouds, where 

governance models are considered fundamental to achieving data 

privacy and adherence to the cloud-based analytics. 

Wamba et 

al. [16] 

Big Data Analytics and 

Firm Performance 

Evidences a positive relationship between the ability of big data 

analytics and the performance of firms, and is able to attribute much 

of the success of the benefits to the presence of effective data 

governance. 

Khatri & 

Brown 

[20] 

Designing Data Governance 

It talks about the most important parts of a good data governance 

system, such as the requirement for decision rights, accountabilities, 

and data quality control for business analytics to work. 

Al-Ruithe 

et al. [29] 

Cloud Data Governance 

Framework 

Proposes a framework for cloud data governance that tackles critical 

issues such as data integrity, privacy, and compliance, which are 

vital for facilitating effective business analytics in cloud 

environments. 

 

METHODOLOGY 

 

The study was conducted through a mixed-methodology approach that determined the relationship between data 

governance and effectiveness of business analytics in multinational enterprises. The methodology will be a 

combination of both qualitative and quantitative research techniques that will provide a comprehensive view of 

how structured data management processes affect the results of analytics. The focus is on large corporations that 
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have developed global activities, which allow analyzing the data governance practices in complex, multi-

jurisdictional settings.  

 

Research Methodology: The research design adopted in this study consisted of two major stages, which included 

the qualitative stage. At this stage, semi-structured interviews were conducted involving key stakeholders, such 

as data governance authorities, IT managers and analytics practitioners of selected multinational corporations. 

The goals of these interviews were to draw information about the effectiveness of the existing data governance 

systems to support business analytics and identify the most critical success factors and challenges in the 

implementation of these systems. This qualitative data played a critical role in determining the main constructs 

and variables used in the second stage of quantitative. A total of 20 interviews were conducted, which guaranteed 

the presence of five different industries (technology, finance, healthcare, retail, and manufacturing). All the 

interviews lasted between 45 and 60 minutes and the tapes were transcribed to analyze them thematically. NVivo 

software was used to conduct thematic analysis, which allowed identifying such recurring themes as data quality 

management, regulatory compliance, and stakeholder engagement. These themes played a critical role in defining 

the variables on the subsequent quantitative research. 

 

Quantitative phase: The quantitative phase of the research involved the process of collecting survey information 

on 250 multinational businesses. The survey was developed based on the findings of the qualitative stage and 

included questions on the presence of data governance models, the level of data quality management, compliance 

with the regulations, and the impact of all these factors on the effectiveness of business analytics in general. The 

data collected was analyzed with Structural Equation Modeling (SEM), which is a strong statistical method that 

simplifies the investigation of complex relationships between observable and latent variables. This study could 

not have been done without SEM since it enabled the researchers to consider the direct and indirect effects of data 

governance in the effectiveness of business analytics programs.  

 

The research data in this case comprises both qualitative and quantitative data. The qualitative data includes 

interview transcripts of 20 information governance experts of multinationals in various industries. The interviews 

also shed valuable light on the issues and factors of success regarding the ways of governance of data. The 

quantitative data was obtained through a survey that was sent to 250 global companies through the internet. The 

participants of the survey were asked to evaluate the data governance procedures within their organizations, the 

quality of their data, and the success of their business analytics processes. The poll has been conducted using the 

5-point Likert scale, which focuses on such critical areas as data quality management, compliance with regulatory 

requirements, and business analytics effectiveness. These questions were based on the existing studies, such as 

Hashem et al. (2015), Al-Ruithe et al. (2017), and Wamba et al. (2017) [5, 29, 16]. The descriptive statistics of 

the dataset showed that the sample was balanced, with 20% in technology, 18% in finance, 15% in healthcare, 

17% in retail, and 30% in manufacturing. This diversified representation provided a wider understanding of data 

governance policy in various sectors. 

 

The Structural Equation Modeling (SEM) that will be used in this study consists of several observable variables 

and latent variables. The measured variables are clearly quantifiable (e.g., data quality management, compliance), 

whereas the latent variables are constructs that cannot be measured (e.g., business analytics success). SEM 

expresses the interrelations between these variables using equations. 

 

Let y denote the efficacy of business analytics, x1 signify data quality management, x2 indicate regulatory 

compliance, x3 represents the existence of a data governance framework, and ξ denote the error terms related to 

these variables. The equation of the structure is 

𝑦 = 𝛽1𝑥1 + 𝛽2𝑥2 + 𝛽3𝑥3 + ξ 
The values of the coefficient ( 1, 2, 3 ) will show how strong is the connection between the data governance and 

the success of the business analytics. The formula suggests that the success of business analytics y depends on 

the management of data quality x1, regulatory compliance x2 and the presence of a robust data governance 

framework (x3). Moreover, indirect effects (mediating variables) were explored including the effect of data 

quality management on the overall performance of analytics mediated by the involvement of stakeholders and 

organizational commitment.  
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Data Analysis Techniques: The paper adopted both qualitative and quantitative methods in exploring the 

relationship between data governance and business analytics success. Thematic analysis was applied in the 

qualitative analysis and revealed the recurring patterns and key themes in the data of the interviews. These lessons 

about the key components of data governance affected the construction of the quantitative phase survey. In the 

quantitative analysis, survey responses were summarized with the help of the descriptive statistics. The Structural 

Equation Modeling (SEM) method was used to assess the relationship between the aspects of data governance 

and the success of business analytics. Goodness-of-fit indices were used to measure model fit to ensure that the 

model was correct, and this was done using Root Mean Square Error of Approximation (RMSEA) and 

Comparative Fit Index (CFI). 

 

 Ethics were observed during the study. The informed consent given to all participants before they took part in 

interviews and surveys and their information anonymized to maintain privacy and confidentiality. The 

Institutional Review Board (IRB) of the university gave ethical consent. The mixed methodology, employed in 

the present research allowed conducting a comprehensive analysis of the effect of data governance on the success 

of business analytics in global companies. The qualitative interviews have been useful in revealing important 

constructs, which were further analyzed quantitatively with the aid of SEM. The results of this research contribute 

immensely to the body of knowledge of data governance and make a valuable contribution to the practical 

suggestions of companies that intend to enhance their business analytics by means of effective data governance 

policies. The following methodology section explains the approach, data, and the methods of analysis that will be 

applied in the study to ensure the thorough investigation of data governance-business analytics success connection 

in global companies. 

 

PROPOSED ARCHITECTURE 

 

The proposed structure of the study of the connection between data governance and business analytics success 

incorporates both qualitative and quantitative research. The design entails significant elements of data 

governance, business analytics, and their connections, enabling one to consider the effects and the factors of 

success comprehensively. The architecture will help to collect, store and analyze both qualitative and quantitative 

data, which is discussed in the methodology section (see picture 1).  

 

Data Governance Framework Layer: The Data Governance Framework Layer is the principal component of data 

governance processes in international business and has many critical elements. To begin with, Data Quality 

Management plays a vital role in making sure that the data used is accurate, complete and reliable. This involves 

ensuring that processes like data cleansing, validation, and integrity are put in place so as to have high quality 

data. Regulatory compliance is another significant item, and it aims at compliance with such international data 

protection regulations as GDPR and CCPA. This element ensures that companies adhere to the applicable laws 

in numerous jurisdictions, and this is one of the significant issues to organizations that function in foreign 

countries. Data Policies and Procedures create common standards to data collection, storage and utilization within 

an organization. Such policies play a very important role in maintaining homogeneity and harmonizing data 

management practices interdepartmentally. Data Access and Security Controls are used to safeguard data against 

breach or misuse and sensitive information is only accessed by authorized individuals. Last but not least, 

Stakeholder Engagement is also engaged in incorporating significant stakeholders, like data governance officers, 

IT managers and business analysis developing data governance procedures to meet strategic and operational needs 

of the organization. Collectively, these elements make the strong data governance system, which is the main 

foundation of the success of business analytics programs in multinational business. 

 

The Data Collection and Integration Layer gathers, combines, and preprocesses data in a number of different 

sources. It also involves qualitative data collection, which refers to holding interviews with key stakeholders in 

different businesses to understand how data is governed and what are the challenges. The quantitative method of 

data collection includes the findings of questionnaires to 250 companies. This data can be analyzed by SEM 

(Structural Equation Modeling) which will precisely measure and analyze the important variables such as data 

governance practices and business analytics success. The Data Integration Tools can be applied to integrate data 
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of different formats including interview transcripts and survey outcomes to create the seamless integration of 

qualitative and quantitative data to be proceeded with analysis. 

 

 Business Analytics Success Layer is used to assess the outcomes of business analytics. It includes Business 

Analytics Metrics which includes descriptive (e.g., performance in the past) and predictive (e.g., forecasting 

trends) analytics applied by multinational organizations to make decision-making. The performance of different 

analytics initiatives is measured with the help of key Performance Indicators (KPIs), including a return on 

investment (ROI), the outcomes of innovations, and the efficiency of the decisions made. Outcome Evaluation 

evaluates the extent to which the data are well governed and enhances decision making, innovation, and 

performance of the business.  

 

Analysis Layer is responsible for processing the information received in the earlier layers, and statistical analysis. 

Qualitative data undergoes thematic analysis to come up with relevant themes regarding the issues in data 

governance, success factors, and their effects on business analytics. Structural Equation Modeling (SEM) is a 

method of exploring how the variables, including data quality management, regulatory compliance, and analytics 

success correlate with each other. SEM is used to determine the direct and indirect impacts of governance 

strategies on the output of analytics. Along with it, the strength and significance of connections between these 

elements of governance and business analytics outcomes are evaluated with the help of Regression, and 

Correlation Analysis. 

 

Feedback and Adaptation Layers: Feedback and Adaptation Layer manages and enhances data governance models 

and analytics operation on a continuous basis. Feedback Loops gathers knowledge on business analytics and 

employs it to modify data governance policies, procedures and security. Adaptation Mechanisms ensure that the 

procedures of governance will be continuously revised over time following the performance of analytics and 

evolving compliance needs to ensure the continuous enhancement of both governance and analytics processes. 

                                                         Figure 1. Proposed Architecture 
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The suggested architecture provides a solid structure to go through the interconnection between data governance 

and success in the sphere of business analytics. The proposed architecture will facilitate a feedback and 

improvement cycle that will lead to the successful utilization of data resources under the scope of global 

corporations due to the intrinsic ability to merge data governance practices with the results of business analytics. 

Architecture can employ qualitative and quantitative methods that will allow conducting an in-depth analysis of 

the factors that significantly contribute to the effectiveness of business analytics. 

 

RESULTS AND DISCUSSIONS 

 

The section describes the findings of the qualitative and quantitative studies that were conducted as the course of 

the research. According to the methodology section of the research, the data collection was conducted in the form 

of a series of critical stakeholder interviews with the representatives of major corporations in the world, and a 

quantitative survey was carried out in a sample group of 250 individuals. Following data analysis has been 

accomplished through Structural Equation Modelling to measure interrelationships amid data governance 

variables versus business analytics success factors. 

 

 

 

 

 

 

 

 

 

Figure 

2: 

Summary of Descriptive Statistics for Data Governance Variables and Business Analytics Success 

 

Figure 2 shows a picture of the descriptive data for the four main qualities that were looked at in the study: Data 

Quality Management, Regulatory Compliance, Data Governance Framework Presence, and Business Analytics 

Success. The x-axis shows the variables, while the y-axis shows the statistical measurements that go with them, 

such as the mean, standard deviation, minimum, and maximum values. Mean (Light Blue): This shows the average 

score for each variable, which is the most common value in the data. The mean values for all four variables are 

close to 4, which means that most of the companies that were surveyed had high standards for data governance 

rules and analytics success. Standard Deviation (Light Green): This number shows how spread out or variable the 

data is compared to the mean. Minimal standard deviation values among the variables indicate reasonably 

consistent responses from the survey participants, reflecting slight deviations from the mean. Minimum (Red): 

The minimum value shows the lowest score that has been recorded for each variable. The minimal values for 

Regulatory Compliance and Data Governance Framework Presence are much higher than those for other 

variables. This means that even the lowest scores for these governance areas were still rather good. The maximum 

number shows the highest score for each variable, which is always 5 for all categories that were looked at. This 

means that some companies thought their data governance and analytics were doing very well. 

https://pspac.info/index.php/dlbh/article/view/125


 

 

年 2024 體積 52 問題 4 DOI: 10.46121/pspc.52.4.5  

 
    54 

The picture shows that companies like to grade their data governance frameworks very highly, especially when 

it comes to managing data quality and following the rules. This is in line with how well their business analytics 

operations are doing. The relatively low standard deviations suggest that these variables are crucial and well-

managed in most organizations, so underscoring the correlation between robust data governance and positive 

business analytics outcomes. 

Figure 3. Structural Equation Modeling (SEM) Results: Coefficients of Key Pathways 

 

Path A in Figure 3 shows how Data Quality Management and Analytics Success are related. Path B shows how 

Regulatory Compliance and Analytics Success are related. Path C shows how the Data Governance Framework 

and the success of analytics are related. The coefficient (β), standard error (SE), and p-value are shown for each 

pathway. This picture shows how strong and important these links are in the model. The picture shows the results 

of a Structural Equation Modeling (SEM) analysis, including the path coefficients (β), standard errors (SE), and 

p-values for three different correlations (Paths A, B, and C) between the main variables in the study. The y-axis 

shows the coefficient (β) values, which show how strong the correlations are between the variables. The x-axis 

shows three paths (A, B, and C). Path A (β = 0.42): This path shows how the first independent variable is related 

to the dependent variable. The path coefficient 𝛽=0.42 shows that there is a modest positive relationship. The 

standard error (SE) for this path is 0.05, and the p-value is less than 0.001, which means that this relationship is 

statistically significant at the 0.001 level. Path B (β = 0.36) denotes the second link, exhibiting a value of 𝛽=0.36, 

indicating a weaker nevertheless positive correlation. The standard error (SE) for this path is much less at 0.04, 

and the p-value is still less than 0.001, which means that this path is also statistically significant. Path C (β = 0.49) 

has the strongest association, with a value of 𝛽=0.49, which means it has a big positive effect. The standard error 

(SE) for this path is 0.06, and the p-value is less than 0.001, which means that this path is statistically significant. 

The three pathways (A, B, and C) are connected by a dotted green line that shows how strong the connections 

are. Path C has the most impact, whereas Path B has the least. The low p-values (<0.001) for all three paths show 

that the correlations between the variables are statistically significant. This means that the independent factors 

have a big effect on the dependent variable in this study. This figure shows that all three paths (A, B, and C) have 

strong positive correlations with the dependent variable. Path C has the most effect, followed by Path A and Path 

B. The results highlight the importance of the interconnections between the study's variables, supporting the idea 

that well-organized data governance frameworks improve the success of business analytics. 
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Table 2: Thematic Analysis Results from Qualitative Interviews 

Theme Frequency of Mention Key Insights 

Data Quality 

Management 
18 out of 20 interviews 

Data quality is considered crucial for accurate 

analytics, affecting decision-making. 

Regulatory 

Compliance and 

Legal Concerns 

15 out of 20 interviews 
Compliance with global regulations is a key 

concern, especially in multi-jurisdiction operations. 

Importance of 

Stakeholder 

Involvement 

17 out of 20 interviews 
Stakeholder engagement is necessary for successful 

implementation of data governance practices. 

 

Table 2 shows the key points that came up in qualitative interviews with professionals who work in data 

governance and business analytics at large firms all over the world. The table lists the themes that came up the 

most in the interviews. It also indicates how these topics are related to how well data governance and business 

analytics work. 

 

Data Quality Management (18 out of 20 interviews): 18 out of 20 interviews talked about it. Eighteen of the 

twenty people who were interviewed said that data quality management was important, which shows that it is an 

important part of good business analytics. Participants often emphasized that the analytics process is undermined 

without high-quality, accurate data, leading to erroneous insights and suboptimal decision-making. Companies 

who work hard to make sure their data is correct, clear, and complete are more likely to achieve strong outcomes 

from their analytics. This approach connects with the wider idea that keeping data quality under control is crucial 

to make sure that the data that goes into analytical models is valuable and reliable.  

 

Fifteen of the twenty interviews brought up legal and regulatory issues. This shows how crucial it is for businesses 

that work in more than one country to observe global data protection regulations. People who were interviewed 

were apprehensive about following standards like the California Consumer Privacy Act (CCPA) in the US and 

the General Data Protection Regulation (GDPR) in Europe. It is very important to make sure that data governance 

frameworks follow these guidelines so that you don't get in trouble with the law or have to pay fines. This will 

also help you preserve your customers' trust. This is especially significant for international firms that do business 

in numerous countries, where the rules can be highly diverse. 

 

Importance of Stakeholder Involvement (17 out of 20 interviews): Seventeen of the twenty interviews brought 

stakeholder involvement as another major problem. A lot of diverse personnel, like data officers, IT managers, 

business analysts, and legal teams, need to be involved for data governance frameworks to work. People who 

were interviewed noted that when people from all throughout the firm are involved in data governance, it makes 

sure that the rules fit the needs and goals of the business. Because of this link, firms are more likely to obey the 

regulations, collect better data, and do well with business analytics. Getting stakeholders involved also makes 

everyone feel like they are responsible for maintaining data, which helps build a culture of accountability in the 

company. 

 

Table 2 demonstrates that the most critical factors for good data governance are making sure the data is good, 

following the rules, and having stakeholders involved in the governance process. These themes came up a lot in 

the qualitative interviews, which illustrates how essential they are to multinational firms who want to improve 

their business analytics efforts. All of these ideas are highly crucial for making sure that data governance 

frameworks are set up appropriately. This will lead to improved analytics performance and better business results.  

The qualitative and quantitative evaluations indicated that data quality management was a critical factor 

influencing the efficacy of business analytics. The SEM analysis demonstrated a significant positive correlation 

between data quality management and the efficacy of business analytics, indicated by a path coefficient of β=0.42 

and a p-value of less than 0.001, reflecting a strong and statistically significant relationship. Thematic analysis 

revealed that interviewers frequently identified data quality management as a core component of analytics. A lot 
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of individuals argue that poor data management leads to erroneous conclusions, which makes it tougher to make 

judgments. This finding is consistent with other research that demonstrates the necessity of accurate and clean 

data for successful analytics initiatives. The results from both the SEM analysis and the qualitative interviews 

highlight the importance of adhering to regulations. The SEM model showed a strong and positive link between 

following the rules and business analytics success, with β=0.36 and a p-value of <0.001. This means that 

businesses who follow international data privacy laws like GDPR or CCPA are more likely to get better outcomes 

from their business analytics. Qualitative interview results supported this hypothesis, as many interviewees 

expressed concerns about compliance with global data standards, especially for companies operating in many 

jurisdictions. Respondents responded that breaking these regulations could get the organization in legal trouble 

and make it tougher to collect vital data that could help with analytics. This is in line with other studies that show 

that following the rules is a key factor in the success of data governance.  

 

The presence of a structured data governance framework demonstrated the most substantial impact on business 

analytics success, as indicated by a path coefficient of β=0.49 (p < 0.001) in the SEM model. This indicates that 

companies with robust data governance frameworks, encompassing regulations for data access, security, and 

utilization, are more inclined to derive advantages from their analytics initiatives. The qualitative interviews 

confirmed this finding, as participants from companies with established data governance frameworks reported 

more efficient and streamlined analytics processes. Some of the most popular themes were making sure that data 

access limitations are clear, keeping data safe, and making sure that data governance is in accordance with 

business goals. A lot of people who answered claimed that their data governance processes would be 

unpredictable and inconsistent without these kinds of frameworks, which would lead to wrong analytics results. 

The results of the thematic analysis reveal that including stakeholders is very vital for data governance programs 

to work. Seventeen of the twenty respondents interviewed agreed that collecting input from people in different 

business units is vital to make sure that data governance policies work for the whole organization. This was a big 

idea. 

 

Respondents think that when stakeholders are involved in the design and implementation of data governance 

frameworks, the odds of successful adoption and compliance increase. This participation ensures that data 

governance standards are not merely regarded as technical necessities, but as integral components of business 

strategy. The qualitative and quantitative results both agree that managing data quality, following the rules, and 

having data governance frameworks are all important for effective business analytics. The SEM analysis provided 

an accurate statistical representation of the relationships among these variables, while the qualitative interviews 

enriched the findings by illustrating the challenges and success factors encountered by multinational corporations 

in practical contexts. These findings are consistent with previous studies on data governance and business 

analytics, which highlight that well-governed data produces more reliable and useful analytical insights, hence 

improving decision-making and overall business performance. 

 

CONCLUSIONS 

 

This study investigated the critical role of data governance in the effectiveness of business analytics within 

multinational corporations. The study employed a mixed-methods approach, demonstrating that robust data 

governance frameworks significantly enhance analytics outcomes. Data quality control, regulatory compliance, 

and stakeholder involvement were all seen as important parts of getting analytics to work. The results of Structural 

Equation Modeling (SEM) showed that organized governance approaches have a big impact on business analytics, 

which improves decision-making and company performance. These results give firms useful guidance on how to 

set up strong governance frameworks that ensure data integrity, compliance, and stakeholder involvement. By 

focusing on these things, companies may use their data more efficiently to their strategic advantage, which will 

help them succeed in a business world that is becoming more data driven. 
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